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Relations between Temporal Information

Fixed year & month: Oct. 2014
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Changes of the bike storage over all stations in a workday:
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Conclusion: Weekhour is more accurate than Weekday + Hour to represent
the similarity between two time points.

Conclusion: Location distance or station identifier can not represent
similarity between two stations.
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e-Support Vector Regression Model

Yk (t) — yr(t — 3h)
Ny,

Target Value: Ui (t) =

Kernel Function: K;; = tanh(yz] ; + co)

Parameters: C=2,¢=0.02,v=0.25¢y = —1

Configurations of SVR model are selected by fast test.

The timplementation s from scikit-learn.



Fast test: choose a small subset of the data to train a SVR model
for each station.

Training dataset for station i:

the data of K stations which are nearest to the station i

T
Distance = \ Z (9:(t) — 9y (t))2 For testing: K = 10;
t=1 for leaderboard submission: K = 20

Validation datasets:

the data of 75 new stations in October 2014;

the data of 10 old stations in November, December and
January from 2012 to 2014



Leader board attempts

Training set: data of 275 stations in October 2014

Size of Training Set Feature Options
MAE K ”Weekhour” |” Weekday” +” Hour” |Full Profiles
2.625 20 v v
2.612 20 v v
2.52 20 v
2.496 275 v v
2.46 275 v
2.37 275 v

Final Model
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